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_ 5 Left: probability that u is in () is plotted against the mean throttle percent at
Py = (A + BmK)PiE + Py (A + BmK)T T BmB;% pa _ maX{HﬂH = QU} different times in the simulation. The values of p{and p9J are determined by
\ 2 ' pJ: the left and right intersections of the probability curve with the dashed line
0 I 0 "~ 3 . for 1 — [ where f = 0.001. Right: mean throttle percent and throttle
A= , B, = { > Then if histories from select Monte Carlo trials. The shaded region contains 99.9% of
0 0 I/m(t) pclr (t) < Hﬂ(t)H < pg (t) throttle histories. Bottom: Monte Carlo trials with 99.9% of trajectories in the
. o - shaded region.
and control covariance ) .
e the probability
Pu — E {L’aT — K P:IZ K T \ control region : : : : .
au’] . constraint is satisfied Conclusions / Future Work
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Mean and Covariance Steering final state covariance (allowing saturation)
zero. The control is also a random variable e We separated the mean and disturbance into

Future Work
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